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Predictive Control Method with Credibility in Cigarette Sensory Evaluation
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(1. Information Networks Department of Hongta Tobacco Group, Yuxi, Yunnan 653100, China; 2. College of Information Science
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Abstract: In order to improve mechanical and blind prediction behavior of some built models, a classifier prediction control
algorithm was designed with flue-cured tobacco and burley tobacco in different producing areas as experimental samples. It had the
characteristic of rejecting recognition and credibility analysis through integrating several theories and methods including hypothesis
testing, convex hull, interior point analysis and sequence random testing. The results demonstrated that classifier could effectively
accept test sample set and give predictive values and reliability reference values of test data in convex hull. In the meanwhile,
classifier could also accurately reject burley tobacco sample and special type flue-cured sample, which was different from flue-cured
sample set. The feasibility and validity of classifier were verified through different type of testing data, especially the practicality of
cigarette sensory evaluation was based on expert experience or domain knowledge.
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Table 2 Training and testing data
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Table 1 The test data
B2F C2L 56
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Fig. 1 Normal P-P diagram of total sugar
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Fig. 2 Total sugar normal distribution of residual plot
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Table 3 Output results of 3 exterior test points in SVM [1]
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